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Figure 1: GFS Architecture
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Google VS Hadoop

Google calls it:

Hadoop equivalent:

MapReduce Hadoop MapReduce
GFS HDFS
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HDFS

 Hadoop Distributed File System

— Hadoop Distributed File System (HDFS) is the
primary storage system used by Hadoop
applications. HDFS creates multiple replicas of
data blocks and distributes them on compute
nodes throughout a cluster to enable reliable,
extremely rapid computations.
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HDFS Architecture
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Why MapReduce
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MPI vs MapReduce
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4rM¥E 2 (Divide and Conquer)

MapReduce: Distributed Processing

Hadoop takes
advantage of HDFS’
data distribution
strategy to push work
out to many nodes in a
cluster. This allows
analyses to run in
parallel and eliminates
the bottlenecks
imposed by monolithic
storage systems.
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map (in_key, in_value) ->
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Worker 1:
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